PhenAl-Bot: Precision 3D Crop Phenotyping of Pepper
(Capsicum annuum L.) Varieties in Greenhouse
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Fig 5. Chili pepper plantation in the greenhouse Fig 8. The PhenAl-Bot robotic platform

Fig 13. Distribution of calculated phenotyping traits across different pepper varieties
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Fig 11. Trends in calculated phenotyping
traits across different pepper varieties

Fig 10. Trends in soil moisture sensor data across different
pepper varieties

Fig 12. Correlation and errors in measurement accuracy for calculated

Fig 4. CR310 datalogger phenotyping traits across different pepper varieties

and soil moisture sensor
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